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Introduction

Elite sport and entrepreneurship may appear to belong to very different worlds. One involves
athletes, coaches, competitions, training, and physical performance; the other involves
entrepreneurs, customers, markets, products, capital, and business models. However, beneath
these differences lies a fundamental similarity: both operate in environments characterized by
uncertainty, competition, limited resources, continuous feedback, and the need to make
decisions before the final outcome is known.

In elite sport, organizations increasingly use performance analytics to transform large amounts
of information into actionable insights. Data from matches, training sessions, video, tracking
systems, physiological measurements, and other sources are analyzed to understand what is
happening, identify performance gaps, evaluate alternatives, and determine how athletes and
teams should adjust their behavior. Sports analytics has broadly been defined as the pursuit of
improving athletic performance through the analysis of data, combining data sources,
analytical methods, models, and domain knowledge to generate actionable insights (Baumer et
al., 2023).

The same logic can be transferred to entrepreneurship. Startups also generate enormous
amounts of information: customer interactions, website behavior, sales results, product usage,
acquisition costs, retention, revenue, cash consumption, market responses, and experimental
results. The challenge is not simply to collect this information but to transform it into knowledge
that improves decisions.

This article proposes that the principles of Sports Performance Analytics can provide a useful
conceptual foundation for what may be called Startup Performance Analytics: a systematic
approach to generating, organizing, analyzing, interpreting, and applying business
performance information to improve entrepreneurial decision-making and organizational
performance.

Understanding Sports Performance Analytics

Sports Performance Analytics can be understood as the systematic use of data, analytical
methods, technology, and expert knowledge to evaluate, understand, predict, and improve the
performance of individual athletes and teams. Its purpose is not merely to describe what
happened but to produce information that can influence what happens next.

Traditional performance analysis has been described as an approach for objectively
interpreting performance in complex sporting environments in order to improve individual and
team performance through meaningful and purposeful feedback (Bampouras et al., 2012;
Nicholls et al., 2018). Contemporary sports analytics extends this idea by incorporating
increasingly sophisticated data sources, statistical techniques, computational methods,
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tracking technologies, video analysis, and predictive models. The central principle is therefore
straightforward: performance data becomes valuable when it contributes to better decisions.

For example, a soccer coaching staff may collect information about distance covered,
accelerations, decelerations, positioning, passing, shots, defensive actions, tactical formations,
opponent behavior, and player workload. None of these variables, by themselves, constitutes a
strategy. Their value emerges when they are analyzed in relation to a specific performance
objective.

If an analyst discovers that a player's high-intensity activity consistently declines during the
final twenty minutes of matches, the organization can investigate possible explanations,
compare the pattern with training workload and recovery information, and determine whether
training, nutrition, recovery, tactical responsibilities, or substitution strategies should be
modified. Performance analytics therefore creates a bridge between measurement and action.

The Main Components of Sports Performance Analytics

A comprehensive performance analytics function contains several interconnected
components.

The first is data generation and collection. Modern elite sports organizations obtain
information from multiple sources, including match statistics, video, GPS and tracking systems,
wearable sensors, physiological assessments, training records, scouting reports, and
contextual information. The growth of tracking and video technologies has substantially
expanded the quantity and variety of performance information available to teams (Jha et al.,
2022).

The second component is data organization and management. Raw information must be
structured, standardized, stored, and made accessible. Data that cannot be reliably retrieved or
compared across time has limited managerial value.

The third component is data classification and quality control. Information must be filtered,
categorized, validated, and assessed for reliability. The quality of an analytical conclusion
cannot exceed the quality of the information on which it is based. Recent research in applied
performance analysis emphasizes validity and reliability as foundations for producing accurate
and meaningful information for coaches and other decision-makers (Francis et al., 2025).

The fourth component is data analysis and modelling. This may range from descriptive
statistics and visualization to more advanced statistical modelling, machine learning, predictive
analytics, network analysis, and simulation. The appropriate method depends on the question
being asked. A sophisticated model is not necessarily superior to a simple analysis if the latter
provides a clearer answer to the decision at hand.
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The fifth component is data interpretation. Data does not automatically produce knowledge.
Analysts must interpret results in the context of the sport, the athlete, the opponent, the
competition, and the organization's objectives. This is particularly important because
performance is multidimensional and context-dependent.

The sixth component is decision support. The ultimate purpose of analytics is to support
decisions concerning training, player selection, tactics, workload, recovery, recruitment,
competition preparation, and resource allocation. Research on analytics in team sports
emphasizes that the usefulness of analytics depends substantially on its integration into
managerial and coaching decision-making (Foster et al. (2021).

Finally, the process requires feedback. After a decision has been implemented, its
consequences must be monitored. The resulting information becomes new data, allowing the
coaching team to evaluate whether the intervention worked and determine whether further
adjustment is necessary.

The Sports Performance Analytics Process

The complete process can therefore be understood as a continuous performance
management cycle: generate data, organize, classify, validate, analyze, model, interpret results,
make and implement decisions, monitor performance, and adjust strategy based on new
insights. This framework makes sports performance analytics fundamentally different from the
production of statistical reports. A report can describe performance without changing it;
analytics becomes strategically valuable when it influences behavior and produces measurable
improvement.

Recognizing this distinction has become increasingly critical in elite sport. A 2026 analysis of
the analytics-practice gap argues that performance data fails to influence coaching decisions
when analytical outputs lack context, actionability, integration, or usability. The study
emphasizes that performance analysis must be understood as an active decision-making
process rather than merely a static report delivered to coaches (Kwon, 2026). In other words,
the critical question is not "How much data do we have?" but "What decision can this
information help us make?"

From Sports Performance Analytics to Startup Performance Analytics

The same question can be applied to startups. A startup operates under conditions of extreme
uncertainty. Its founders often do not know precisely who their most valuable customers will
be, which features customers will value, what price they will accept, which acquisition channels
will work, how frequently customers will use the product, or whether the proposed business
model will be economically viable.
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Consequently, the startup's early strategy should not be treated as a fixed blueprint. It should
be treated as a set of hypotheses that can be tested through evidence. This is closely aligned
with the Lean Startup approach. Eric Ries describes startups as organizations that use
experimentation and validated learning to discover a sustainable business model. The
Build-Measure-Learn cycle turns ideas into products, measures customer responses, and uses
the resulting evidence to determine whether to persevere or change direction (Ries, 2011).

In the startups context, performance analytics can therefore be defined as the systematic
process of generating, collecting, organizing, classifying, modelling, analyzing, and interpreting
startup-performance information and converting it into actionable insights for
experimentation, decision-making, resource allocation, strategic planning, and continuous
improvement. The analogy with elite sport is powerful.

An athlete generates performance data. A startup generates market and business data.
A coach analyzes an athlete's performance. A founder analyzes customer and business
performance.

e A coach identifies a performance gap. A founder identifies a market gap, a customer
problem, frustrations, or pain points.

e A coach modifies training or tactics. A founder modifies the product, market approach,
pricing, acquisition strategy, or business model.

e The athlete performs again and generates new data. The startup runs another
experiment and generates new evidence.

Both systems therefore operate through closed feedback loops. These continuous cycles of
collecting, analyzing, and rapidly adapting to user or market input are vital for startups; they
prevent companies from wasting time and money on unwanted products, accelerate
product-market fit, reduce risk, and boost customer retention by aligning development directly
with real-world needs.

Applying Performance Analytics During Market Introduction

The first major application occurs when a startup introduces its product or service to the
market. At this stage, the greatest danger is confusing activity with progress. A founder may be
motivated by website traffic, social-media followers, downloads, registrations, or media
attention. These indicators may be useful, but they do not necessarily demonstrate that
customers value the product or that the business model is viable.

A performance-analytics approach begins by identifying the startup's critical assumptions and
determining what evidence would confirm or challenge them. Suppose a startup develops an
application connecting seniors and their families with local service providers. The founders may
assume that families have difficulty finding trustworthy providers, that they are willing to use a
digital platform, and that providers will pay for qualified leads.
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Instead of immediately investing heavily in advertising and technology, the startup can
establish measurable hypotheses. It can examine how many visitors request information, how
many complete a service request, how many become paying customers, how many return, and
how many recommend the service to others.

Imagine that 1,000 people visit the platform. Five hundred examine a service category, 150
begin a request, but only 20 complete it. The founder might initially conclude that the startup
needs more traffic. Analytics may reveal a different problem: the request form contains too
many questions and causes customers to abandon the process. The company could test a
shorter form. If the conversion rate increases substantially, the experiment provides evidence
that reducing friction improves customer acquisition. The important point here is that the
startup did not simply "look at the numbers." It used performance information to identify a
bottleneck, formulate a hypothesis, conduct an intervention, and evaluate the outcome.

This is analogous to an elite sports team identifying a specific performance constraint and
testing an intervention rather than changing the entire training system simultaneously.

Airbnb provides a particularly useful real-world illustration.

During its early development, Airbnb had difficulty generating sufficient growth. According to
Paul Graham's account of the company during Y Combinator, the founders examined where
demand was strongest and identified New York City as an important market. They travelled
there personally, met hosts, and improved their listings by taking better photographs
themselves. The intervention was initially highly manual and therefore difficult to scale, but it
generated both customer knowledge and improved marketplace performance. Graham
reports that the company's numbers began to increase substantially during this period,
eventually reaching the founders' initial "ramen profitability" target (Graham, 2020).

The lesson for performance analytics is not simply that better photographs helped Airbnb. It is
that the founders combined observation, direct customer interaction, intervention,
measurement, and learning. They did not begin by building a massive scalable photography
infrastructure. They first investigated a performance problem manually and learned what might
improve it. This illustrates an important principle for early-stage startups: analytics does not
require sophisticated technology. A spreadsheet, customer interviews, transaction records, a
simple funnel, and disciplined experimentation may be sufficient.

Applying Performance Analytics During Scaling

The role of analytics changes as the startup moves from market introduction toward scaling.
During the early stage, the central question is usually whether the startup is solving a
meaningful customer problem and whether customers are willing to adopt the solution. During
scaling, the question increasingly becomes whether the business model can produce
repeatable, economically sustainable growth. This requires a broader performance system.
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Customer acquisition must be evaluated together with activation (engagement), retention,
revenue, customer lifetime value, acquisition cost, gross margin, and cash consumption.
Growth without retention can create what has been described as a "leaky bucket": the
organization continuously acquires customers but loses them almost as quickly. Y Combinator's
guidance on startup growth emphasizes that companies should establish a product that users
value before aggressively pursuing growth. Otherwise, acquisition can conceal fundamental
weaknesses in the product and make subsequent correction more difficult (Altman, 2016).

Startup Genome, the global research and policy advisory organization that evaluates and helps
develop startup and innovation ecosystems, similarly emphasizes that startup development
involves different stages and that performance can be assessed through indicators such as
users, user growth, activation, retention, and revenue. Its analysis also warns about premature
scaling, when companies attempt to expand before establishing the conditions required for
sustainable growth (Startup Genome, 2012).

Consider a fictional software startup with 10,000 registered users and 2,000 paying
customers. Revenue is growing rapidly, and management is considering a major investment in
advertising. Performance analytics may reveal that the company's customer-acquisition cost is
$180 while the gross profit generated by an average customer during the first year is only $150.
Further analysis shows that customers from one segment generate considerably higher
retention and lifetime value than customers from another segment. The appropriate strategic
response is not simply to “grow faster." The company may need to change its target segment,
acquisition channels, pricing, onboarding process, or customer-retention strategy before
increasing marketing expenditure.

This is similar to a sports organization that refuses to interpret a single winning result as proof
that its entire performance system is optimal. Sustainable performance requires examining the
underlying drivers.

Performance Analytics and the Importance of Leading Indicators

One of the most important contributions of the sports-performance perspective is the
distinction between outcomes and the variables that influence future outcomes. A startup's
revenue and profit are important lagging indicators (past performance). They tell management
what has already happened. However, leading indicators may reveal what is likely to happen
next. Examples include customer activation, repeat usage, engagement, retention,
sales-pipeline quality, product adoption, customer complaints, and conversion at critical stages
of the customer journey.

Suppose revenue is increasing by 20 percent while customer retention is falling, acquisition
costs are increasing, and product engagement is declining. A superficial analysis could
celebrate the revenue growth. A performance-analytics system would identify the
deterioration in leading indicators and investigate whether the current growth trajectory is
sustainable. The objective is therefore not to maximize the number of metrics. It is to identify a



relatively small set of indicators that are causally or strategically connected to the startup's
objectives.

This is closely related to the concept of innovation accounting associated with the Lean Startup
approach, which emphasizes meaningful indicators of progress rather than vanity metrics. The
purpose is to measure whether the startup is actually learning and progressing toward a
sustainable business model (Ries, 2011).

Performance Analytics During Scaling: Experimentation

As startups grow, experimentation can become an institutional capability. Airbnb offers another
useful example. Y Combinator describes how the company's growth teams institutionalized
experimentation by dividing users into control and experimental groups, introducing changes,
and comparing relevant outcomes. The company eventually developed a culture in which
teams regularly reviewed experiments and examined results that frequently contradicted their
initial expectations (Alstréomer, 2017).

This is analogous to an elite sports organization testing alternative training methods, tactical
approaches, recovery protocols, or player combinations. The startup equivalent is to test
different onboarding processes, pricing structures, messages, product features, sales
approaches, or acquisition channels. The key principle is that experiments should begin with a
clearly articulated hypothesis.

For example: "Reducing the number of steps required to complete registration will increase
activation." The startup should then define the relevant population, intervention, control
condition when feasible, performance indicator, timeframe, and decision rule (guidelines). The
purpose is not to prove that management was correct. The purpose is to discover whether the
assumption survives contact with reality.

Practical Principles for Introducing Performance Analytics into a Startup

There are ten practical principles that emerging startups must consider to effectively introduce
and support a performance analytics system, one that can generate, process, and strategically
use data to understand what is happening and how that information can influence future
actions. The underlying idea is that data alone has no value; it becomes a strategic asset only
when startups have the discipline and structure to convert it into insight and action.

The first practical principle is to begin with decisions, not data. Founders should identify the
decisions they repeatedly need to make and then determine what information would improve
those decisions. This prevents the common mistake of collecting data simply because it is
available.
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The second principle is to define a small number of critical performance objectives. A startup
does not need an elaborate analytics department during its first months. It needs clarity about
what it is trying to accomplish and how progress will be recognized.

The third principle is to distinguish vanity metrics from decision metrics. Thousands of
social-media impressions may be interesting, but they are less useful than knowing how many
qualified prospects become paying customers and remain customers.

The fourth principle is to establish a baseline. Before changing a process, founders should
understand its current performance. Without a baseline, it becomes difficult to determine
whether an intervention produced meaningful improvement.

The fifth principle is to connect every important metric to a hypothesis or decision. If nobody
can explain why a metric matters, its strategic value should be questioned.

The sixth principle is to combine quantitative and qualitative evidence. Numbers can reveal that
customer retention has declined, but interviews may reveal why. Elite sport similarly combines
quantitative measures with coaches' observations and athletes' contextual knowledge.
Analytics should complement professional judgment rather than attempt to eliminate it.

The seventh principle is to maintain data quality. Poor definitions, inconsistent measurements,
incomplete records, and incompatible data sources can create misleading conclusions.
Reliability and validity are not technical details; they are strategic requirements.

The eighth principle is to institutionalize a review rhythm. A startup should establish a regular
performance-review process in which the team examines what happened, what was learned,
which assumptions changed, and what action should follow. The objective is to convert
analytics into organizational learning.

The ninth principle is to avoid premature sophistication. Machine learning, predictive models,
and expensive analytics platforms can be valuable, but they are not substitutes for clear
questions and reliable data. Early-stage startups can often obtain significant benefits from
simple tools if the analytical process is disciplined.

The tenth principle is to preserve human judgment. Sports analytics research repeatedly
demonstrates that analytical information must be interpreted and communicated within the
context of professional expertise. The same principle applies to entrepreneurship. A model can
identify a pattern, but founders must determine whether that pattern is strategically meaningful
and what action is appropriate.

From Measurement to Adaptive Strategy

The deepest value of applying Sports Performance Analytics to startups is not the creation of a
sophisticated dashboard. It is the development of an adaptive management system. In a
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conventional business-planning approach, strategy is often developed first and performance is
subsequently evaluated against the plan. In an uncertain startup environment, the relationship
must be more dynamic. The startup begins with assumptions, converting those assumptions
into hypotheses to conduct experiments. The experiments generate data, then data is
transformed into evidence, evidence produces learning, and learning impacts decision making.
Decisions change the business, and the introduced changes generate new data. The resulting
cycle can be expressed as:

The deepest value of applying sports performance analytics to startups is not the creation of a
sophisticated dashboard, but the development of an adaptive management system. In a
conventional business-planning approach, strategy is developed first, and performance is
subsequently evaluated against the plan. In an uncertain startup environment, the relationship
must be far more dynamic. The startup begins with assumptions, converting them into
hypotheses to design experiments. These experiments generate data, data is transformed into
evidence, evidence produces learning, and learning shapes decision-making. Decisions then
alter the business, and those changes generate fresh data. This continuous cycle can be
expressed as:

Data — Analysis — Insight — Decision — Action — Performance — Feedback — New Data.

This resembles the logic of elite sport, where training and competition continually generate
information that is used to modify the next training cycle, tactical plan, or performance
intervention. The startup therefore becomes a learning system.

This perspective also helps explain why performance analytics should not be confused with
business intelligence alone. Business intelligence traditionally emphasizes understanding
organizational performance through data. Startup Performance Analytics adds a stronger
emphasis on uncertainty, experimentation, hypothesis testing, learning, adaptation, and
strategic adjustment.

Conclusion

Sports Performance Analytics provides more than a collection of techniques for measuring
athletes and teams. It represents a philosophy of performance management based on
evidence, feedback, experimentation, contextual interpretation, and continuous adjustment.
The same philosophy can be highly relevant to entrepreneurship.

During market introduction, performance analytics can help startups identify customer
problems, test assumptions, evaluate MVPs, understand conversion, and discover
product-market fit. During scaling, it can help organizations distinguish sustainable growth
from superficial growth, monitor customer retention and unit economics, identify bottlenecks,
optimize resource allocation, and institutionalize experimentation.



10

The experience of companies such as Airbnb illustrates an important lesson: effective analytics
does not necessarily begin with sophisticated technology. It begins with disciplined
observation, a clearly defined problem, direct engagement with customers, measurable
hypotheses, and a willingness to change course when evidence contradicts assumptions.
Airbnb's early practice of personally visiting hosts and improving their listings demonstrates
how a seemingly simple intervention can simultaneously generate customer insight and
improve performance.

Ultimately, the competitive advantage is not created by having more data than competitors. It
comes from developing a superior capacity to transform information into learning and learning
into action. For a startup, the essential question is therefore not simply "How are we
performing?" Itis: "What is the evidence telling us, what does it mean, what should we do
differently, and how will we know whether the change worked?" That is the essence of
performance analytics applied to entrepreneurship.
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